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Abstract 
Background and purpose: Women with low (high) pre-pregnancy body mass index (BMI) 

recently delivered infants with approximately normal or close to normal birth weights under the 

high quality of prenatal care. This study estimated the effect of pre-pregnancy BMI when 

concerns about the effects of different quality levels of prenatal care and the health status of 

mothers and their infants existed.  

Materials and Methods: The sample consisted of the female patients who referred to one of the two 

hospitals with different quality levels of prenatal care in Gorgan. The logistic mixed effect 

model and Chi-square test did not show any significant effect of low (high) BMI on the risk of 

low (high) birth weight. Then, the two-stage residual inclusion instrumental variable (IV) 

method was used to estimate the effect of BMI in order to overcome the effects of the levels of 

quality care and the health status of the mothers and their infants. 

Results: Adjusted IV analysis revealed that women with a low BMI experienced an 

approximately 18% (RR=0.82; 95% CI (0.69, 0.97)) reduction in the risk of delivering a LBW 

infant and women with a high BMI experienced an approximately 26% (RR=0.74; 95% CI 

(0.57, 0.96)) reduction in the risk of delivering a HBW infant when they were under the care of 

a high quality hospital. 

Conclusion: This study revealed that the effect of BMI is confounded by the effects of quality 

of care and the health status of the mothers and their infants. Further, these results contributed to 

providing the conditions in improving the health status of mothers and their infants during 

pregnancy in local areas. 

Keywords: Body mass index; Instrumental variable; Quality of care; Low and high birth 

weights. 
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1. Introduction 

For years, pre-pregnancy Body Mass Index 

(BMI) has been used as the major risk factor 

index for pregnancy outcomes, such as Infant 

Birth Weight (IBW) (1-11). Plenty of research 

has been performed to assess the effects of 

different BMI categories on the risks of 

delivering Low Birth Weight (LBW) and High 

Birth Weight (HBW) infants (1-9).
 
However, 

there is still controversy about the cut-off points 

for the range of low (high) BMI associated with 

the risk of LBW (HBW) infant for all women in 

different nations (12-13). Most of the studies 

showed that women with a low pre-pregnancy 

BMI increased the possibility of having an 

LBW infant, and women with a high pre-

pregnancy BMI increased the possibility of 

having an HBW infant (1-6). For instance, (1) 

showed a significant risk of LBW infant among 

women with BMI<19.9, and a significant risk 

of macrosomia among women with BMI>26, in 

Seattle, Tacoma, and Washington. Also, (2) 

showed that women with BMI=25–29 

experienced a significant risk of macrosomia in 

Denmark. Moreover, (3) revealed women with 

BMI=24–27.9 experienced a significant risk of 

macrosomia in China. In another study carried 

out by (4), it was shown that the infants of 

mothers with BMI<18.5 had more than twice 

the risk of LBW as compared with those of 

mothers with BMI=18.5–25 in Oman. On the 

other hand, (5) found that there was no 

difference between the low birth rate among the 

participants with BMI≤19 as compared with the 

participants with BMI>19 among Pakistani 

women who delivered in the public hospitals, 

whereas in Iran, (6) showed that women with 

BMI≥ 25 had a higher incidence of macrosomia 

than women with BMI< 25. While these 

explorations established effective guidelines for 

the improvement of mother’s and infant’s 

healthcare strategies at different national and 

local levels (1-8), some of them are still prone 

to the lack of controlling the effect of quality of 

prenatal care and the health status of mothers 

and their infants on the risk of infant birth 

weight. For instance, the problem of ignoring 

the care levels of two different hospitals was 

discussed by (6). In their study, the effect of 

BMI on the risk of LBW (LBW) was 

contaminated by the hospital care levels and by 

the unobserved health status of the mothers and 

their infants (6, 14-15). Their primary results 

showed some indication that LBW (HBW) was 

affected by the quality level of hospital care and 

unobserved health status of the mothers and 

their infants in addition to mother’s pre-

pregnancy BMI. Thus, measuring simply the 

risk of LBW (HBW) may not yield a consistent 

estimate due to the existence of the latter 

factors associated with LBW (HBW) which 

were omitted from the analysis (16-19).As a 

result, the question that the researchers 

attempted to answer was whether or not women 

with a low (high) BMI reduced the risk of a 

LBW (HBW) infant when they were under the 

care of a high quality hospital by controlling the 

effect of unobserved health status. To answer 

the question, the researchers used a statistical 

method, namely Instrumental Variable (IV) 

method that accounts for the effect of quality of 

care on the presence of unobserved health 

status of the mothers and their infants (16-19). 

Using IV methods has already started in 

econometrics and health outcome research. 

Some studies have recently succeeded in 
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establishing geographic location as IV to obtain 

the effectiveness of the hospital care (20-25). 

For instance, the authors in (20) proposed 

differential distance as IV to determine the 

effect of more intensive treatments on mortality 

in elderly patients with acute myocardial 

infarction. However, the geographic location 

was widely designed as IV, but there were 

concerns that the invalid and weak IV fail to 

accomplish a consistent estimate (26-30). 

Hence, the main aim of this study was to 

examine whether or not women with a low 

(high) BMI reduce the risk of delivering a LBW 

(HBW) infant when they were under the care of 

a high quality hospital by controlling the health 

status of the mothers and their infants.  

2. Material and Method 

The participants of the current study were the 

women referred at ≤20 weeks of gestation in 

one of the two hospitals with different levels of 

quality of prenatal care in a city of Iran with 

expected delivery dates between July 2011 and 

May 2013. There were actually nine hospitals 

involved in the study. Three of the hospitals 

were public managed by Golestan University of 

Medical Sciences, and six of them were private. 

The eligible participants were the women who 

followed the prenatal care of a hospital and 

planned to deliver at the same hospital. Women 

were interviewed by trained health workers 

during the first visit. Maternal information, 

such as weight in early pregnancy, height, age, 

last menstrual period, parity, illness, education, 

occupation, smoking, use of alcohol, and 

history of abortion and stillbirth, and residence 

address, were collected using a standard 

questionnaire. Pre-pregnancy weight was also 

self-reported or measured in the first visit. Pre-

pregnancy BMI was calculated by pre-

pregnancy weight divided by squared height. 

The sample also received some manuals with 

instructions for prenatal and postnatal care 

regarding their BMI categories and their 

observed health status. At the same time, 

Gestational Weight Gain (GWG) was measured 

by differencing between the pre-pregnancy 

weight and the weight before delivery. Type of 

delivery, such as cesarean, post-term, pre-term, 

as well as infant information, such as weight 

and sex were recorded. The permission for 

collecting the data in this study was approved 

by Golestan University of Medical Sciences. 

Pregnancy outcomes were LBW (a live born 

infant of <2.5kg), normal birth weight (2.5–

4kg), and HBW (a live born infant of >4kg). 

Normal birth weight was considered as the 

reference level. Estimating the effect of BMI on 

the risk of IBW often relies on the classification 

of the healthy and unhealthy pre-pregnancy 

weight segments based on the World Health 

Organization  guidelines. Guidelines are often 

presented by the strong evidence of the 

association between BMI and the risk of IBW. 

Then, BMI is often categorized into 4 classes 

according to the WHO guidelines as: 

underweight (BMI <19.8), normal weight 

(BMI=19.8–25), overweight (BMI=25–30), and 

obese (BMI ≥30). The scientific review of the 

WHO guidelines showed that there was still 

controversy about the cut-off points for the 

range of low (high) BMI associated with the 

risk of LBW (HBW) infant in clinical practice 

for all women in different nations [12-13]. 

Therefore, in the present study, two levels of 

BMI were established as two continuous 

treatments corresponding to the two considered 
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outcomes. The researchers considered 

BMI1=BMI≤25 (kg/m
2
) as low BMI and 

BMI2=BMI>25 (kg/m
2
) as high BMI. The 

former segment was considered because there 

were observed some women even with 

BMI=19.9–25(kg/m
2
), and experienced the risk 

of delivering an LBW infant.  

IV is a variable that is associated with the study 

treatment, e.g. BMI (assumption 1), but neither 

directly related to the study outcome, e.g. IBW, 

nor indirectly related through confounding the 

treatment and outcome (assumption 2). The 

latter implies that IV is associated with IBW 

through only its association with BMI. The 

women in the current study were enrolled in 

one of the two hospitals with different levels of 

care quality which are all shown in Table 1.  

The dimensions of the quality level of a 

hospital are often measured based on the 

medical facilities, such as having connoisseur 

specialists and trainers, bed availability, 

technological resources, and providing 

comprehensive care even in emergency 

situations. These features are accepted among 

the local healthcare physicians to determine the 

quality level of a hospital center (14-15). By 

examining the aforementioned features, the 

private hospitals were accepted as high quality 

level hospitals in our study areas (15). 

Furthermore, the highly competitive market in 

the private hospital industry has caused 

increasing pressure on them to provide services 

with higher quality than those public hospitals.  

The participants of the study selected hospitals 

under the two hypotheses, the distance of their 

home location and the quality level of care. 

They, in fact, tended to select the nearest high 

quality hospital. Thus, the location of 

participants and hospital quality independently 

affected the hospital choice. 

In order to proceed through the IV method, a 

variable should be found that has no direct 

effect on IBW and does affect the likelihood of 

BMI. Therefore, distance is defined by 

calculating the distance in kilometers (km) 

between the women’s home location and the 

nearest private hospital minus the distance in 

km between the women’s home location and 

the nearest public hospital by using GPS. This, 

in fact, is differential distance rather than direct 

distance, because it is likely to influence the 

choice of the hospital that women selected, but 

is not presumably associated with other factors 

that could affect IBW. Specifically, the 

differential distance between hospitals and 

women’s home location was used as an IV, 

which outlines the underlying IV assumptions 

necessary for obtaining a consistent estimate. 

Afterwards, the IV method was compared with 

the logistic mixed-effect model with random 

intercept and random slope for hospital levels. 

Then, women were grouped into two classes of 

distance: ≤2.75 and>2.75 kms, which was 

established based on the mean (2.75kms) 

differential distance. The women were, then, 

divided into two groups of close to and far from 

the private hospitals. This provided some 

insights into the IV mechanism. 

Two-stage residual inclusion IV estimator 

In the present study, the researchers considered 

BMI1 and BMI2 as two continuous treatments, 

LBW and HBW as two binary outcomes, and Z 

as binary IV. The two-stage residual inclusion 

IV estimation method was also established in 

two stages (31). Hence, the current study 
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examined the extent to which differential 

distance was associated with BMI1 (BMI2) at 

first stage by fitting the following linear 

regression model: 

X=β0+β1 Z+W θ+ε(1) 

Where X is BMI1 (BMI2), β0 is the intercept, β1 

is the effect of Z on BMI1 (BMI2), W is the 

characteristics of the mothers and their infants, 

and θ is the parameter of the effect of W, and ε 

is error term. Then, the researchers fitted the 

logistic regression model of binary outcome Y 

on   ̂     ̂ (predicted residual values of 

model (1)) and W as follows: 

logit{P (Y=1)} =ψ0+ψ1 ̂+ Wγ+έ(2) 

 

where Y is LBW (HBW), ψ0 is intercept, ψ1 is 

the log risk ratio (RR) of the effect of BMI1 

(BMI2), γ is the vector parameters of the effect 

of W,  έ is the error term, and log it (p) = log (p/ 

(1- p)). Note that parameter ψ1 represents the 

average change in outcome LBW (HBW) for a 

change in BMI1 (BMI2) among women whose 

BMI1 (BMI2) are affected by Z levels. To 

account for uncertainty in  ̂ and in order to 

consistently estimate 95% confidence interval 

(CI) of ψ1, the robust estimation approach was 

used to estimate the standard error of  ̂ (31-

32). Note that the two-stage residual inclusion 

IV method requires a consistent estimator of the 

first stage residuals. Since model (1) 

consistently estimates  ̂ , it is an appropriate 

choice for estimating   ̂ (31). It should also be 

noted that W is included in the first stage model 

because it is exogenous and so 

excluding W would lead to a loss in efficiency 

or consistency of the IV estimators (31-32). 

3. Results 

For analyzing the collected data, of 1541 initial 

participants, 246 persons were missing. 

Therefore, 1295 mothers and their infants were 

used in the analysis in which 39.77% and 

60.23% were admitted to private and public 

hospitals, respectively. To perform direct 

comparisons, we grouped the women across 

two different hospital levels (Table 1). 
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Table 1. pre-pregnancy body mass index categories, distribution (%) of low birth weight and high birth weight, and 

distribution (%) of the characteristics of the mothers and the infants  in the private and public hospitals-north east areas of 

Iran 

 

 

 

Private 

n=515 

 

Public 

n=780 

 

Unadjusted 

P. value 

Treatments    

Mean (SD)    

BMI1 

BMI2 

20.08 (2.45) 

31.45 (3.23) 

22.01 (1.70) 

28.14 (3.84) 

<0.01 

<0.01 

Outcomes    

%    

LBW 5.83  11.03 0.04 

HBW 

 

 9.36 15.00 <0.01 

Characteristics of mothers and 

infants 

   

Mean (SD)    

GWG 11.55 (4.62) 12.20 (4.45) 0.11 

Age 27.05 (5.53) 24.95 (4.92) <0.01 

%    

Cesarean 31.07 51.15 <0.01 

Post-term 5.24 10.64 <0.01 

Pre-term 6.02 13.33 <0.01 

Parity    

0 38.06 46.02 <0.01 

1 52.81 42.31 <0.01 

2 7.38 10.13 0.11 

≥3 1.75 1.54 0.94 

Illness 29.13 15.90 <0.01 

Education    

≤school 18.45 22.31 0.11 

High school 34.75 43.72 <0.01 

University 46.80 33.97 <0.01 

Occupation 32.82 18.85 <0.01 

Abortion 17.28 4.36 <0.01 

Stillbirth 13.59 3.72 <0.01 

Infant sex 

Boy 

Girl 

 

53.20 

46.80 

 

52.56 

47.44 

 

0.86 

0.86 

*SD=Standard deviation.   

BMI1*= BMI≤ 25 kg/m
2
; BMI2*= BMI>25 kg/m

2
. 

Note that the women were reported to be non-smokers, non-drinkers, and non-drug users. 

As Table 1 shows, the women in private 

hospitals in comparison with the women in the 

public hospitals were markedly older (27.05 vs. 

24.95 years in average) and with the higher 

prevalence of illness (29.13 vs. 15.90). Further, 

there were large unadjusted differences 

between the observed characteristics of 

mothers, and also in LBW prevalence (5.83 vs. 

11.03), and in HBW prevalence (9.36 vs. 15). It 

implied that the dissimilarity in LBW (HBW) 

may not have occurred just through the BMI1 

(BMI2) effect. It was, therefore, likely that the 

 [
 D

O
I:

 1
0.

18
86

9/
ac

ad
pu

b.
jh

s.
5.

1.
13

 ]
 

 [
 D

ow
nl

oa
de

d 
fr

om
 jh

s.
m

az
um

s.
ac

.ir
 o

n 
20

23
-0

5-
23

 ]
 

                             6 / 13

http://dx.doi.org/10.18869/acadpub.jhs.5.1.13
http://jhs.mazums.ac.ir/article-1-476-en.html


 Reducing the risk of low or high birth weight for women with low or high body mass index    M .Babanezhad  

 

Iran J Health Sci 2017; 5(1): 19 
 

unadjusted effect of BMI1 (BMI2) on LBW 

(HBW) rate was overestimated partly because 

of the underlying differences in the two hospital 

levels of care and also partly due to the 

unobserved health status of the mothers and 

their infants between two groups of women. 

The participants in the current study were 

grouped based on the mean differential distance 

(2.75 km) from the nearest private hospital to 

provide IV mechanism. That is, the women 

who faced a differential distance of 2.75 km or 

less, either had a private hospital as their 

nearest hospital or had to travel less than 2.75 

km further than the distance to their nearest 

hospital to reach a private hospital. The greater 

the differential distance, the less likely it was 

that a woman would be admitted to a private 

hospital. 

 

 

Table 2. Pre-pregnancy body mass index categories, distribution (%) of the Low Birth Weight and the High Birth Weight, 

and distribution (%) of the characteristics of the mothers and the infants according to the two groups of differential distance-

north east areas of Iran 

 

 

Differential distance 

≤2.75 kms 

(n=583) 

Differential distance 

>2.75 kms 

(n=712) 

Unadjusted 

P. value 

Treatments    

Mean (SD)    

BMI1 21.69 (2.31) 22.30 (2.09) <0.01 

BMI2 30.24 (4.85) 29.05 (3.15) <0.01 

Outcomes             

(%)    

LBW 7.55 9.55 0.13 

HBW 11.49 14.75 0.11 

Admit to private hospital (%) 67.70 16.85 <0.001 

Characteristics of mothers and infants    

Mean (SD)    

GWG (kg) 11.65 (3.36) 11.85 (3.92) 0.11 

Age (year) 26.25 (4.71) 25.98 (5.21) 0.10 

(%)    

Cesarean (%) 40.82 45.08 0.14 

Post-term (%) 7.03 9.69 0.11 

Pre-term (%) 8.92 11.66 0.13 

Parity (%)    

0 41.17 44.24 0.29 

1 49.05 44.39 0.11 

2 7.89 9.97 0.23 

≥3 1.89 1.40 0.64 

Illness (%) 23.33 19.38 0.11 

Education (%)    

≤school 21.27 20.37 0.74 

High school 37.56 42.27 0.10 

University 41.17 37.36 0.18 

Occupation (%) 26.42 22.75 0.14 

Abortion (%) 10.98 8.29 0.12 

Stillbirth (%) 8.75 6.74 0.22 

Infant sex (%) 

Boy 

Girl 

 

54.03 

48.03 

 

51.83 

46.49 

 

0.46 

0.62 

*SD = Standard deviation.   
BMI1*= BMI≤ 25 kg/m

2
; BMI2*= BMI>25 kg/m

2
. 
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Table 2 shows that the differences between the 

women across differential distance were 

substantially less marked than those observed in 

Table 1. Table 2 also shows that 67.7% of the 

participants relatively close to private hospitals 

selected private hospitals, and only 16.85% of 

them who were close to public hospitals 

selected private hospitals. Moreover, the 

women with lower and higher BMI tended to 

go to the nearest private hospitals. Further, the 

women who lived near the private hospitals 

experienced a lower rate of LBW (HBW) as 

compared with those who lived near the public 

hospitals. That is, with a 50.85% increase in the 

percentage of women admitted to the private 

hospital, a decline of approximately 2% and 

3.26% occurred in LBW and HBW rates, 

respectively. A balance was also documented 

between the observed characteristics of the 

mothers in these two groups. It should be noted 

that the significant differences between BMI1 of 

these two groups of women (21.69 vs. 22.30, p. 

value<0.01) and between BMI2 (30.24 vs. 

29.05, p. value<0.01) implied that the 

differential distance was an independent 

predictor of BMI (the first IV assumption was 

satisfied) (28-31). However, since the second 

IV assumption was untestable, the association 

between the differential distance and the 

outcomes was also tested. That is, Z-LBW and 

Z-HB Risk Ratios (RRs) and their 95% CI were 

estimated respectively as RR=0.70 (95% CI: 

0.44, 1.11), and RR=0.74 (95% CI: 0.52, 1.06). 

Thus, there was strong evidence for the null 

hypothesis of the direct effect of differential 

distance on LBW and HBW (the second IV 

assumption was satisfied).  

The researchers also performed the two-stage 

residual inclusion IV analysis (31), so as to 

reveal the effect of BMI1 (BMI2) on LBW 

(HBW) by the adjusted risk ratio (RR) and its 

95% CI, as shown in Table 3. 
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Table 3.  pre-pregnancy body mass index on the risks of Low Birth Weight and High Birth Weight by the 

Instrumental Variable (IV) method and the logistic mixed-effect model – In north east areas of Iran 

 Outcomes Adjusted RR 95% CI 

 Two-stage IV analysis 
R 

 

  

                 BMI1 LBW 0.82 (0.69, 0.97)* 

   

                 BMI2 HBW 0.74 (0.57, 0.96)* 

   

Logistic mixed-effect model  analysis 

 

  

                   BMI1  LBW 1.07 (0.95, 1.21) 

   

                  BMI2 HBW 1.10 (0.97, 1.25) 
R 

The 95% CIs were based on Robust Standard Errors. 

*P.value<0.05. 

BMI1*= BMI≤ 25 kg/m
2
; BMI2*= BMI>25 kg/m

2
. 

 

Table 3 shows that the risk of having a LBW 

infant among women with BMI1 who lived near 

the private hospital as compared with those 

who lived near the public hospital was 

RR=0.82 (95% CI: 0.69, 0.97). This implies 

that the women with BMI≤25 who were under 

the care of a private hospital experienced an 

approximately 18% reduction in the risk of 

delivering a LBW infant as compared with the 

women with the same BMI who were under the 

care of a public hospital, adjusted the mothers 

and their infants’ characteristics. In this case, Z 

had a significant effect on BMI1 with an F-

statistic =19.79 and R
2

a = 0.23 at the first stage 

analysis, indicating that the  differential 

distance was a fairly strong predictor for BMI1 

(26-30). Likewise, the results showed that the 

risk of having an HBW infant among the 

women with BMI2 who lived near the private 

hospital as compared with those who lived near 

the public hospital was RR=0.74 (95% CI:0.57, 

0.96). This implied that the participants with 

BMI>25 who were under the care of a private 

hospital experienced an approximately 26% 

reduction in the risk of delivering an HBW 

infant as compared with the participants with 

the same BMI who were under the care of a 

public hospital, adjusted the mothers and their 

infants’ characteristics. In this case, Z had a 

significant effect on BMI2 with an F-

statistic=18.46 and R
2

a = 0.21 at the first stage 

analysis, indicating that the differential distance 

was a fairly strong predictor for BMI2 (26-30). 

Note that we estimated the two-stage IV 

confidence interval using robust standard error 

which was narrower than the other methods 

such as bootstrap or delta methods (31-32). 

Different results were obtained in the current 

study through using the logistic mixed-effect 

model. The associational estimate of RR=1.07 

(95% CI: 0.95, 1.21) showed no significant 

reduction in the risk of having an LBW infant 

for women with BMI≤25 in the private hospital 

as compared with those women in the public 

hospital. Similarly, the associational estimate of 

RR=1.10 (95% CI: 0.97, 1.25) showed no 

significant reduction in the risk of having HBW 

infant for women with BMI>25 in the private 
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hospital as compared with the women in the 

public hospital. It should be noted that the latter 

model was applied with random intercept and 

the random slope for hospital levels. At the 

same time, the latter estimates had narrower 

confidence intervals than the wide confidence 

intervals of IV analysis. This was, in fact, due 

to the small proportion of the variation in BMI 

as explained by hospital levels. 

4. Discussion 

The present study examined the effect of pre-

pregnancy BMI on the risk of LBW (HBW) by 

controlling the effects of hospital care levels 

and the health status of mothers and their 

infants. The researchers’ interest in identifying 

the latter subject stemmed from the fact that 

women with unfavorable (low or high) BMI 

have recently delivered infants with 

approximately favorable (normal or close to 

normal) birth weights at the hospitals with high 

quality of care. Hence, the current research 

attempted to answer the question whether the 

quality levels of hospital care affects the risk of 

LBW (HBW) for women with low (high) pre-

pregnancy BMI through controlling the health 

status of mothers and their infants. The research 

areas included a city and its countryside in Iran, 

which suffered from the problem of infants 

with low (high) birth weights [6, 10]. Hence, 

the two-stage residual inclusion IV method was 

used in the study, and the results showed that 

the women with low (high) BMI who were 

under the care of a high quality hospital 

reduced the risk of delivering a LBW (HBW) 

infant to 18% (to 26%), even though 23.33% of 

them had/have illness experience. It should also 

be noted that these groups of women had even 

lower (higher) BMI than the women who were 

under the care of a public hospital. It was 

expected that the women with lower (higher) 

BMI would have experienced increased risk of 

LBW (HBW) infants as shown by the previous 

study results (1-4). The considered IV estimator 

was similar to the standard two-stage IV 

method, except that in the second-stage, the 

endogenous variable was not replaced by the 

first-stage predictor. Instead, the first-stage 

residuals were included as the additional 

regressors (31). Further, based on the 

theoretical properties of the estimators, the IV 

estimation method posed a particular statistical 

challenge in the case of binary outcomes. 

Therefore, Risk Ratio (RR) instead of Odds 

Ratio (OR) was estimated. The former criterion 

allowed consistent estimation of the continuous 

treatment effect (31-32). For comparison 

purpose, the logistic mixed-effect model was 

used by including the hospital levels as mixed-

effect. The findings indicated no significant 

reduction in the risk of an LBW (HBW) infant 

among the women with low (high) BMI. This 

was because of the fact that the latter model did 

not properly account for the differences in the 

quality levels of hospital care and the health 

status of the mothers and their infants. Further, 

GWG was considered as a potential confounder 

fact or for the purpose of assessing the 

association between GWG and BMI. Since 

GWG indicates maternal weights during 

pregnancy and is always suspected to modify 

the effect of BMI (3-4), BMI1 (BMI2) was 

stratified on GWG as a treatment in the 

analysis. There were documented no significant 

effect modifications by GWG on BMI1 (BMI2) 

in estimating the risk of LBW (HBW). Finally, 

it is now believed that the results of the present 
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study are more broadly useful as they suggest, 

and may be incorporating, the possibility that a 

little prior information on a stronger IV may 

yield substantial efficiency improvements for 

the target parameter ψ1 in the model (2). 

The current study also encountered some 

limitations. First, the IV methods have often 

been applied in large databases. In this study, 

the sample sizes were 518 individuals in 

estimating the BMI1 effect on LBW and 673 

individuals in estimating the BMI2 effect on 

HBW. The IV estimators are consistent here but 

may not be unbiased. This underscores the 

necessity of using large samples. On theoretical 

grounds, it is, accordingly, recommended to 

make improvement in the association between 

differential difference and maternal pre-

pregnancy BMI by increasing the sample sizes, 

which could result in better adjustment across 

women with different pre-pregnancy BMI 

categories. Although the large variance of the 

IV estimate at smaller sample sizes may not 

influence the validity of the IV estimates, it 

principally improves the efficiency of IV 

estimates. The second limitation was the 

observed differences within the private 

hospitals. As mentioned earlier, the sample for 

this study were admitted to six private hospitals 

with a probability of heterogeneity among them 

which has not been accounted for in this study. 

The third limitation was that some women lived 

in the countryside of the study area, some 

others attended a private hospital during five 

weeks of gestation due to emergency problem, 

and they had to have monthly visits. Hence, 

they were given some medication in addition to 

the common care, suggesting that the greater 

availability of hospital care may reduce the risk 

of IBW. And, the final limitation of the study 

was that the majority of women who selected 

private hospitals were from urban areas and had 

insurance coverage. This study revealed that the 

effect of BMI was confounded by the effects of 

quality of care and the status of mothers and 

their infants. Further, the results of the current 

research contributed to providing the conditions 

for improving the health status of mothers and 

their infant during pregnancy in local areas. 

Acknowledgment 

The authors would like to thank Golestan 

University for the financial support during their 

sabbatical leave 2015–2016 at the University of 

Waterloo. The authors would also like to deeply 

appreciate Prof. Dr. Ali Ghodsi, from  the 

Department of Statistics and Actuarial Science, 

for the scientific support during the sabbatical 

leave 2015–2016 at the University of Waterloo. 

Our sincere thanks also goes to the Golestan 

University of Medical Sciences for permitting 

us to collect the data from the public hospitals 

in the study areas. 

Conflict of interest 

The Author has no conflict of interest.  

 References 

1. Frederick IO,Williams MA, Sales AE, 

Martin DP, et al. Pre-pregnancy body mass 

index, gestational weight gain, and other 

maternal characteristics in relation to infant 

birth weight. Maternal Child Health Journal 

2008;12:557-567.PMID:17713848  Doi: 

10.1007/s10995-007-0276-2 

2. Ovesen P, Rasmussen S, Kesmodel U. Effect 

of pre-pregnancy maternal over weight and 

obesity on pregnancy outcome. The 

American College of Obstetricians and 

Gynecologists 2011;118:305–

 [
 D

O
I:

 1
0.

18
86

9/
ac

ad
pu

b.
jh

s.
5.

1.
13

 ]
 

 [
 D

ow
nl

oa
de

d 
fr

om
 jh

s.
m

az
um

s.
ac

.ir
 o

n 
20

23
-0

5-
23

 ]
 

                            11 / 13

https://dx.doi.org/10.1007/s10995-007-0276-2
http://dx.doi.org/10.18869/acadpub.jhs.5.1.13
http://jhs.mazums.ac.ir/article-1-476-en.html


Reducing the risk of low or high birth weight for women with low or high body mass index    M .Babanezhad  

 

Iran J Health Sci 2017; 5(1): 24 
 

312.PMID:21775846Doi:10.1097/AOG.0b0

13e3182245d49 

3. Chen Z, Du J, Shao L, Zheng L, et al. Pre-

pregnancy body mass index, gestational 

weight gain, and pregnancy outcomes in 

China. International Journal of Gynecology 

and Obstetrics 2010;109:41-

44.PMID:20018282Doi:10.1016/j.ijgo.2009.

10.015 

4. Al-Hinai M, Al-Muqbali M, Al-Moqbali 

A,Gowri V, et al. Effects of pre-pregnancy 

body mass index and gestational weight gain 

on low birth weight in Omani infants. Sultan 

Qaboos University Med J 2013;13:386-391. 

5. Badshah S, Mason L, McKelvie K,Payne R, 

et al. Risk factors for low birth weight in the 

public hospitals at Peshawar, NWFP-

Pakistan. BMC Public Health 2008; 

8:197.http://www. Biomed central.com/ 

1471-2458/8/197. DoiI:  10.1186/1471-

2458-8-197 

6. Yazdani S, Yosofniya pasha Y, Hassan 

Nasab B, Mojaveri MH, et al. Effect of 

maternal body mass index on pregnancy 

outcome and newborn weight. BMC 

Research Notes 2012;5:34.http://www. 

Biomedcentral.com/1756-0500/5/34. 

7. Valero DBJ, Soriano T, Albaladejo R, 

Juarranz M, et al. Risk factors for low birth 

weight: A review. Eur J 

ObstetGynecolReprodBiol 2004;116:3–15. 

8. Veghari G, Kazemi S, Aslani H, Shomali L, 

Moradian H. The comparative study of 

obesity differences for school children 

between Turkman and Sisstanish ethnic 

groups in the north of Iran. Iran J Health Sci. 

2015; 3 (1): 52-59. Doi: 10.7508/ ijhs. 

2015.01.007 
9.  Karajibani M, Montazerifar F, Abdolahi S. 

The relationship between some risk factors 

and gestational diabetes mellitus in pregnant 

women referred to health and treatment 

centers in Zahedan, Iran, in 2012. Iran J 

Health Sci. 2015; 3 (1) :44-51. Doi: 
10.7508/ijhs.2015.01.006 

10. Abedi G, Mohamadpour R, Rostami F, 

Ahmadinia F, Rajabi M. Study of 

consumption pattern of food and obesity of 

female students of Mazandaran University 

of Medical Sciences. J MazandaranUniv 

Med Sci. 2011; 20 (80) :77-80. 

11. Chang MY, Kuo CH, Chiang K.F. The 

effects of pre-pregnancy body mass index 

and gestational weight gain on neonatal 

birth weight in Taiwan. International 

Journal of Nursing and Midwifery 

2010;2:28-34. 

12. WHO expert consultation. Appropriate 

body-mass index for Asian populations and 

its implications for policy and intervention 

strategies. Lancet. 2004;363:157–163. 

13. Li N, Liu E, Guo J, Pan L, et al. Maternal 

pre-pregnancy body mass index and 

gestational weight gain on pregnancy 

outcomes. Plos One 2013; 8:e82310. Doi: 

10.1371/journal.pone. 0082310. 

eCollection 2013. 

14. Lin H-C, Xirasagar S, Laditka JN. Patient 

perceptions of service quality in group 

versus solo practice clinics. Int J Qual 

Health Care 2004; 16:437-445. 

15. Zarei A, Arab M, FroushaniRA, Rashidian 

A, et al. Service quality of private 

hospitals: The Iranian patients’ perspective. 

BMC Health Services Research 2012; 

12:31. http://www. Biomed 

central.com/1472-6963/12/31. 

16. Greenland S.  An introduction to 

instrumental variables for epidemiologists. 

Int. J. Epidem. 2000; 29:722-729. 

17. Martens EP, Pestman WR, de Boer A, 

Belitser SV, et al. Instrumental variables 

application and limitations. Epidemiology 

2006;17: 260- 267. 

 

 

 [
 D

O
I:

 1
0.

18
86

9/
ac

ad
pu

b.
jh

s.
5.

1.
13

 ]
 

 [
 D

ow
nl

oa
de

d 
fr

om
 jh

s.
m

az
um

s.
ac

.ir
 o

n 
20

23
-0

5-
23

 ]
 

                            12 / 13

https://dx.doi.org/10.1097/AOG.0b013e3182245d49
https://dx.doi.org/10.1097/AOG.0b013e3182245d49
https://dx.doi.org/10.1016/j.ijgo.2009.10.015
https://dx.doi.org/10.1016/j.ijgo.2009.10.015
http://www/
https://dx.doi.org/10.1186%2F1471-2458-8-197
https://dx.doi.org/10.1186%2F1471-2458-8-197
http://www/
http://dx.doi.org/10.7508/ijhs.2015.01.007
http://dx.doi.org/10.7508/ijhs.2015.01.007
http://dx.doi.org/10.7508/ijhs.2015.01.006
http://www/
http://dx.doi.org/10.18869/acadpub.jhs.5.1.13
http://jhs.mazums.ac.ir/article-1-476-en.html


 Reducing the risk of low or high birth weight for women with low or high body mass index    M .Babanezhad  

 

Iran J Health Sci 2017; 5(1): 25 
 

18. Carroll RJ, Ruppert D, Crainiceanu 

CM,Tosteson TD, et al.  Nonlinear and 

nonparametric regression and instrumental 

variables. J. Am. Statist. Assoc. 2004; 

99:736-750. 

19. Brookhart MA, Rassen JA, Schneeweiss S. 

Instrumental variable methods in 

comparative safety and effectiveness 

research. Pharmacoepidemiol Drug Saf 

2010;19:537–554. 

20. Newhouse JP, McClellan M. Econometrics 

in outcomes research: The use of 

instrumental variables. Annu. Rev. Public 

Health 1998;19:17–34. 

21. Beck CA, Penrod J, Gyorkos TW, Shapiro 

S, Pilote L. Does aggressive care following 

acute myocardial infarction reduce 

mortality? Analysis with instrumental 

variables to compare effectiveness in 

Canadian and United States patient 

populations. Health Services Research 

2003;38:1423–1440. 

22. Stukel TA, Fisher ES, Wennberg DE, Alter 

DA, el al. Analysis of observational studies 

in the presence of treatment selection bias: 

Effects of invasive cardiac management on 

AMI survival using propensity score and 

instrumental variable methods. JAMA, 

2007;297:278–285. 

23. Kahn JM, Ten Have TR, Iwashyna TJ. The 

relationship between hospital volume and 

mortality in mechanical ventilation: An 

instrumental variable analysis. Health 

Research and Educational Trust 2009; 

44:1475-6773. 

24. Wang NE, Saynina O, Vogle LD,Newgard 

CD, et al. The effect of trauma center care 

on pediatric injury mortality in California, 

1999–2011. J Trauma Acute Care Surg 

2013; 75:704–716. 

25. Hadley J, Polsky D, Mandelblatt JS, 

Mitchell JM, et al. An exploratory 

instrumental variable analysis of the 

outcomes of localized breast cancer 

treatments in a Medicare population. 

Health Econ. 2003; 12:171–86. 

26. Bound J, Jaeger DA, Baker R. Problems 

with instrumental variables estimation 

when the correlation between the 

instruments and the endogenous 

explanatory variable is weak. Journal of the 

American Statistical Association 1995; 

90:443-50. 

27. Crown HW, Henk JH, Vanness JD. Some 

cautions on the use of instrumental 

variables estimators in outcomes research: 

how bias in instrumental variables 

estimators is affected by instrument 

strength, instrument contamination, 

and sample size. Value in Health 2011; 

14:1078-1084. 

28. Boef GCA, Dekkers MO, Vandenbroucke 

PJ, Cessie Le S. Sample size importantly 

limits the usefulness of instrumental 

variable methods, depending on instrument 

strength and level of confounding. Journal 

of Clinical Epidemiology 2014; 67:1258-

1264. 

29. Burgess S, Thompson SG. Improving bias 

and coverage in instrumental variable 

analysis with weak instruments for 

continuous and binary outcomes. Stat. 

Med. 2012; 31:1582-600. 

30. Staiger D, Stock JH.  Instrumental 

variables regression with weak 

instruments. Econometrica 1997;65:557-

86. 

31. Terza JV, Basu A, Rathouz PJ. Two-stage 

residual inclusion estimation: addressing 

endogeneity in health econometric 

modeling. Journal of Health Economics. 

2008; 27:531–543.  

32. Greene WH. Econometric analysis. New 

York: Macmillian; 2000. 

 [
 D

O
I:

 1
0.

18
86

9/
ac

ad
pu

b.
jh

s.
5.

1.
13

 ]
 

 [
 D

ow
nl

oa
de

d 
fr

om
 jh

s.
m

az
um

s.
ac

.ir
 o

n 
20

23
-0

5-
23

 ]
 

Powered by TCPDF (www.tcpdf.org)

                            13 / 13

http://dx.doi.org/10.18869/acadpub.jhs.5.1.13
http://jhs.mazums.ac.ir/article-1-476-en.html
http://www.tcpdf.org

